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Review on artificial intelligence chip technology system
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Abstract: Artificial intelligence technology is the new focus of current countries. The development of artificial intel-
ligence technology has put forward new requirements for computing chips. Deep learning algorithms require the
training of massive data, while traditional computing architectures can’t support the large-scale computing require-
ments of deep learning algorithms. Therefore, artificial intelligence chips of new architectures emerge one after an-
other. The different technical routes of artificial intelligence chips were analyzed, the characteristics of different
routes were compared, the development trend of artificial intelligence chip industry and studied, the opportunities and
challenges of artificial intelligence chip development in China were analyzed, and the future development of artificial
intelligence chip technology was forecasted.
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